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Career Pathways for Business Analysts

The role of Business Analysts evolving from a Generative Al User to an Agentic Al
Orchestrator

An Agentic Al Orchestrator’s Blueprint

Designing Multi-Agent Workflow Systems

Human-Al Augmentation

Business Analysis Vision 2030: Managing Digital Peers (Human-in-the-Loop) and
Ethical Guardianship

Conclusion / Key Takeaway / Q&A




Strategic Career Pathways for 2030 — WEF* Predictions

Four Futures for Jobs Mastering Al Fluency requires:
S a2
upercharged Progress > )
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Agent
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* World Economic Forum (WEF)’s Report: Four Futures for Jobs in the New Economy: Al and Talent in 2030



https://reports.weforum.org/docs/WEF_Four_Futures_for_Jobs_in_the_New_Economy_AI_and_Talent_in_2030_2025.pdf

e
The Three A’'s

Assess what types of Al
technology can be

leveraged by and support
BA professionals

1. Assess

Adapt new ways of working
by developing high-value,
non-automatable soft skill
sets such as Critical thinking,
Creativity, Curiosity, Al ethics,
governance, collaborative
decision-making to transition
to an Al partner

Accept that many routine BA
tasks, such as creating BA
artifacts and
documentation, can be
automated by Al, freeing up
BAs to focus on high-value
analysing, optimising and
strategising

2. Accept
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The Impending Evolution of Al
The Present The Future

Generative Al Agentic Al*
Limited in the chat window. A Autonomous systems capable of
linear, one-time execution tool for decision-making, planning, carrying out
content creation tasks and achieving complex objectives
s N

Key message: “BAs are no longer the persons executing the tasks, BAs are the architect designing the goals and

constraints for the Al Agents doing the tasks”
* Gartner Predicts 40% of Enterprise Apps Will Feature Task-Specific Al Agents by 2026, Up from Less Than 5% in 2025

- Deloitte - The agentic reality check: Preparing for a silicon-based workforce /



https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
https://www.gartner.com/en/newsroom/press-releases/2025-08-26-gartner-predicts-40-percent-of-enterprise-apps-will-feature-task-specific-ai-agents-by-2026-up-from-less-than-5-percent-in-2025
https://www.deloitte.com/us/en/insights/topics/technology-management/tech-trends/2026/agentic-ai-strategy.html
https://www.deloitte.com/us/en/insights/topics/technology-management/tech-trends/2026/agentic-ai-strategy.html
https://www.deloitte.com/us/en/insights/topics/technology-management/tech-trends/2026/agentic-ai-strategy.html
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The Core Diagnostic: Al User vs. Al Orchestrator

O Generative Al | Agentic Al
@ (The Passive User) ¢ fll (The Active Orchestrator)

Model:

[ Prompt [—>{ Response

Function: A tool executing a single, well-defined | Function: An autonomous system making
instruction decisions, planning, carrying tasks, using tools

Focus: Clarity of instruction for a one-time output | Focus: Defining roles, reasoning, steps, reflective
criteria, and tool integration

%
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The Anatomy of the Agentic Al Loop

If result falls short, it
adjusts the plan and
loops again

Use Case: Reduce Q4
transit time to customers
by 8% (high level,
directive, not a granular
instruction) J

/AI Agent evaluates
by measuring real- ..». 4. Evaluation
world results v

against the initial

@ 1. Goal Setting
autonomously
= 5. Self- &b 2. Strategic
Correction m Planning
N

\_ goal. Al Agent executes active systemic participation by writing co
pulling out live data, performing tasks, generating reports

de, }

Al Agent plans ™\
system

autonomously,
decomposes the
massive objective
into actionable
technical steps /




An Agentic Al Orchestrator’s Blueprint: Foundational Control

Strategic Role Assignment + Agent Onboarding

e Unconstrained Al is an operational hazard. We must define precise personas to frame
the Agent’s expertise, behaviour and regulatory limits. Onboard Al Agents like any new
human joiners

% Constructing Cognitive Fences

e Force the neural network to prune irrelevant probabilistic pathways; lock the Agents
strictly into specific and professional boundaries

Mandated Self-Critique

e Force the Agent to act as its own devil’s advocate and propose improvements before
finalising output

qm Explicit Tool Calling

ol|lé
lll e Agentic Al transcends the chat window. It is authenticated into external databases,
email servers, APl / MCP platforms to independently execute systemic actions

10
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Agentic AlImplementation

. i MOdUIe 1 Module 2
-l . -

4 | Strategic Role Assignment Mandated Self-Critique & Reflection

L 4

Define a precise persona to frame the agent’s

Instruct the agent to evaluate its own outputs,
expertise, behaviour and limitations

identify flaws and suggest improvements before
finalising

You arfe an auton.ommfs research agent specialising in market After generating the plan, review it for potential flaws or
analysis for the financial sector

logical inconsistencies and propose at least 2 improvements

Example: Persona Definition Example: Self-Evaluation Instruction

@@ Module 3

. . e Module 4
}[4¢ | Explicit Tool Calling g}g Memory & Context Integration

Grant the agent access to external functions (APls,

Instruct the agent on how to recall and utilise
databases) and specify how to call them

information from previous interactions or a vector
database

If current market data is missing, use the ‘search_api’ tool. Based on the previous interactions stored in your memory,
Format the request as JSON: {‘tool’: ‘search’, ‘query’: ‘value’} update your strategy for the next step

Example: APl / MCP Integration Example: Contextual Recall Prompt

14
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Agentic AlImplementation

% . | Modulel 5 Module 2

7S Strategic Role Assignment Mandated Self-Critique & Reflection
Define a precise persona to frame the agent’s Instruct the agent to evaluate its own outputs,
expertise, behaviour and limitations identify flaws and suggest improvements before

finalising

You arfe an auton.omOL.Js research agent specialising in market After generating the plan, review it for potential flaws or
analysis for the financial sector

logical inconsistencies and propose at least 2 improvements

Example: Persona Definition .\—' Example: Self-Evaluation Instruction

£y Module 3 ©7~ Module4
/|4 | Explicit Tool Calling g}g

Memory & Context Integration

Grant the agent access to external functions (APls,

Instruct the agent on how to recall and utilise
databases) and specify how to call them

information from previous interactions or a vector
database

If current market data is missing, use the ‘search_api’ tool.
Format the request as JSON: {‘tool’: ‘search’, ‘query’: ‘value’}

Based on the previous interactions stored in your memory,
update your strategy for the next step

Example: APl / MCP Integration

Example: Contextual Recall Prompt




Agentic AlImplementation

[ ’

Module 1

Strategic Role Assignment

‘A

Define a precise persona to frame the agent’s
expertise, behaviour and limitations

You are an autonomous research agent specialising in market
analysis for the financial sector

Example: Persona Definition

Module 2
Mandated Self-Critique & Reflection

Instruct the agent to evaluate its own outputs,

identify flaws and suggest improvements before
finalising

After generating the plan, review it for potential flaws or
logical inconsistencies and propose at least 2 improvements

Example: Self-Evaluation Instruction

Module 3
Explicit Tool Calling

*lll‘

PN
A 4

Grant the agent access to external functions (APls,
databases) and specify how to call them

L 4

If current market data is missing, use the ‘search_api’ tool.

Format the request as JSON: {‘tool’: ‘search’, ‘query’: ‘value’}

Example: APl / MCP Integration

& Module 4
g}g Memory & Context Integration
Instruct the agent on how to recall and utilise

information from previous interactions or a vector
database

Based on the previous interactions stored in your memory,
update your strategy for the next step

Example: Contextual Recall Prompt
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Agentic AlImplementation

a2, Module 1 Module 2

7S Strategic Role Assignment Mandated Self-Critique & Reflection
Define a precise persona to frame the agent’s Instruct the agent to evaluate its own outputs,
expertise, behaviour and limitations identify flaws and suggest improvements before

finalising

You arfe an auton.omOL.Js research agent specialising in market After generating the plan, review it for potential flaws or
analysis for the financial sector

logical inconsistencies and propose at least 2 improvements

Example: Persona Definition

Example: Self-Evaluation Instruction

{1%y| Module 3 & Module 4
/|4 | Explicit Tool Calling g}g

Memory & Context Integration

L 4

Grant the agent access to external functions (APls,

" Instruct the agent on how to recall and utilise
databases) and specify how to call them

information from previous interactions or a vector
database

If current market data is missing, use the ‘search_api’ tool.
Format the request as JSON: {‘tool’: ‘search’, ‘query’: ‘value’}

Based on the previous interactions stored in your memory,
update your strategy for the next step

Example: APl / MCP Integration

\—0 Example: Contextual Recall Prompt
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Orchestrating Intelligence: Desighing Multi-Agent Systems

C R Assign distinct, complementary roles to different
2 Q agents (e.g.: “Agent 1: Data Gatherer; Agent 2:

Collaborative | Financial Analyst; Agent 3: Report Writer; Agent
Role Design 4: Proof-Reader. Coordinate via the shared
scratchpad”)

.

O

4 ) 4 )

Orchestrating from a

Hierarchical single, monolithic Al to Adaptive
Task a collaborative
o » ” " Feedback Loops
eecomp05|t|onj swarm” of specialised \_ )

_ - agents working
Break a high-level goal into layered sub-tasks together Build in mechanisms for refinement and
delegated to specific agents (e.g.: “High-level learning based on performance (e.g.: “If the
goal: Optimise marketing strategy. Sub-task generated marketing copy fails to meet the
for Analyst Agent: Analyse marketing and Q3 target engagement score, iterate on the

campaign data”) prompt with this feedback”)

15
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Agentic Al Orchestration Roadmap

Phase 1: = Phase 2: Build {6:} Phase 3:
Master the (@) Context-Aware |_ _| Orchestrate
- i | ¥
Foundations Systems J 1 L1 Multi-Agent
" ous: Learming th . . . Workflows
ocus: Learning the core Focus: Moving beyond single . .
principles of LLMs and prompt prompts to systems with Focus: Designing and deploying fully
engineering memory autonomous systems mapped to the 5-
. . . . layer governance stack for complex
. = = P
Actions: Actions: tasks
0—» Practise with the 5 core 1 Deploy Retrieval- ¥ Build Layer 1 (Bedrock): Agent Identification &
components (role, goal / Augments Generation Authority
task, context, instructions / & Build L 5 Task D o 8 Contract
constraints, output (RAG) systems —» Build Layer 2: Task Decomposition ontracts
specification) and the — Build Layer 3: Communication Protocols
Architect’s Checklist —» Use RAGto query
internal knowledge — Build Layer 4: Control, Review & Escalation
—> Experiment iteratively with bases (Tripwires)
different phrasing and ‘ .
)i personas ¢ 77 Build Layer 5: Memory & Persistence Rules




The 5 Layers of Multi-Agent Governance

Layer 5

* Memory & Persistence Rules: Managing systemic evolution and ‘pruning’
learned behaviours over time

Layer 4

e Control, Review, and Escalation: Hard-coded tripwires forcing an
immediate halt and human review for high-risk anomalies

Layer 3 o—

* e« Communication Protocols: Structuring how agents pass data (direct API/ |
MCP vs. shared scratchpad)

Layer 2

e Task Decomposition & Contracts: Defining the JSON schemas, SLAs, and
fault tolerances between agent handoffs

Layer 1

e Agent Identification & Authority: Defining the digital security clearance
and hard system permissions

17



2024: Prompt Engineer 2025: Vibe Coder 2026: Agentic Engineering

Timeline

18
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2030 Vision: The Business Analyst Horizon

sustaag  REA TINE STRATEGIC STNTHESES: CONTINUOUS OPTIMLZATION
SUST . X

©

MMCREATY DECITN M

bt -

r e
AGENTIC Al STREAM
4

" GENERATIVE

INSIGHTS | ‘\
/! 7 AGI MODEL W ~
| | STRATEGY 2030 | T~ S~

Business Analysts in 2030
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Human-Al Augmentation

! Industry Evolution

! A Calculated Trajectory Shifting Paradigms

e Anticipating four critical shifts
in the Business Analyst (BA) ‘
profession

e Future insights based on the e Transitioning from traditional
current evolution of "Human- data processing to advanced
Al Augmentation” strategic oversight

Four Critical Shifts

1. Data to Insight lLal]

2. Routine to Strategy @

3. Technical to Business

Value Q

4. Individual to Team Synergy

\ﬂﬂﬂﬁﬁ /

20




The Business Analyst Horizon

/From Builders to Orchestrators  ®/ /Real-time Strategic Synthesis

g
e Automated Foundations: Agentic Al automates manua{7 eImmediate Insight: Agentic Al provides instant,
BA tasks. constant synthesis and dynamic insights.
e Strategic Direction: BAs direct Al instead of doing eContinuous Optimisation: Real-time KPIs for dynamic
themselves decisions.
e High-Level Interface: Moving away from keyboards eEthical Priority: Focus shifts to Al ethics and
toward voice commands and Al avatars. oversights.

\_
=

The Rise of “Digital Peers”

_/
+

~"
AP,

e Beyond the 2D Screen: Integration of Generative Al with

Spatial Data Interaction

@
89

Augmented Reality (AR) to enable "Spatial Intelligence” e Al as a Teammate: Transitioning from Al as a tool to Al as
*3D holographic data: Physically navigate and manipulate a collaborative colleague.
3D holograms. e Hybrid Team Management: BAs lead diverse hybrid
\-Data Manipulation: Actively manipulate real-time data. / teams of humans and Agentic Al.

21
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The New Reality: Managing Digital Peers

The Hybrid Team Dispute Resolution
e BAs will manage diverse e The new critical BA skill:
teams comprising mediating logic conflicts

human staff and Agentic (-) and data disputes
Al | amongst different Al

| | swarm agents
N @ ’

« W g

Autonomous
Contributions

e Agents will independently
attend meetings, write
documentation, and
conduct system testing

22
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Ethical Guardianship : Human-in-the-loop Protocol

“Shifting focus to human-in-the-loop moral Data Input
oversight and high-level alignment. BAs must
act as the translator between human values, ﬂ
reqgulatory compliance and algorithmic
efficiency. Encoding morality cannot be i
automated by machines” / Al Processing

@ ﬁ Automate

HUMAN :._ ) Scc(:)r:z(::ir::cek Action

EXPERT |
|||i High Confidence / Low Risk
1l
I_l > | Final Decision

Low Confidence / High Risk
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-
Conclusion (a short video)
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Key takeaway....

- ;
~Agentic Al may help solve
many problems, but itis
o witimately humans who
,, %‘é ﬁ% which proble‘*
. aj’é“wor‘t oI*V|ng

___,_-5,..-—-"-_'




Q&A

My Linkedm https://www.linkedin.com/in/dr-kitty-hung-03120a66/
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